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Talent Challenges Facing the Enterprise Today
Voluntary attrition in critical roles costs 50-200% of annual salary to replace

Skill half-life is shrinking — many technical skills are outdated within 3-5 years

HR decisions still rely on lagging indicators: exit interviews, annual surveys

Managers lack real-time visibility into flight-risk or capability gaps on their teams

Talent data is fragmented across HRIS, LMS, payroll, and performance systems
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Core AI Use Cases: Attrition & Skill Gaps
Attrition prediction: flag elevated flight-risk 60-90 days ahead of resignation

Skill gap analysis: map current workforce capability against future role requirements

Both use cases share a common data and model foundation, reducing build cost

Outputs feed existing workflows — 1:1 prep, workforce planning, L&D budgeting

Positioned as decision support for managers, not automated HR decision-making
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Data Sources: What Feeds the Models
HRIS: tenure, role history, compensation band, span of control, promotion velocity

Performance management: review ratings, goal attainment, 360 feedback trends

Engagement signals: pulse survey scores, eNPS, participation rates

Operational data: absenteeism, overtime, internal mobility applications

Explicitly excluded: personal communications content, social media, biometric data
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Model Approach & Ethics by Design
Gradient-boosted models (XGBoost/LightGBM) chosen over deep learning for interpretability

SHAP values attached to every prediction so a driver can be explained, not just a score

Protected attributes (gender, age, ethnicity) excluded as direct model inputs

Proxy variables audited and removed if they correlate strongly with protected class

Model retrained quarterly; performance and fairness metrics reviewed before each release
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Illustrative Example: Attrition Reduction Pilot
Representative scenario — a 3,000-employee manufacturing division, 12-month pilot

Model flagged top-decile flight-risk employees monthly for manager review

Managers received talking points, not scores — no employee was shown a risk label

Illustrative outcome range: 15-25% reduction in regretted attrition among flagged cohort

Figures are directional industry benchmarks, not audited or client-verified results
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Reskilling Recommendation Engine
Matches individual skill profiles against internal role taxonomies and market demand data

Recommends specific courses, stretch assignments, or internal mobility paths per employee

Prioritizes skills adjacent to current capability — realistic transitions, not aspirational leaps

Surfaced inside existing LMS and career portal, not a separate tool employees must learn

Recommendation acceptance and completion rates feed back to improve model relevance
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Manager Dashboard: Bringing Insight to the
Front Line

Single view per team: risk indicators, skill coverage, recent performance trend

Risk shown as tier (Low/Medium/High), never a raw numeric score to reduce misuse

Suggested actions attached to each flag — retention conversation, stretch project, comp review

Drill-down limited to direct reports only; no cross-team or peer comparison exposed

Usage logged and audited to detect misapplication or discriminatory patterns in manager actions
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Bias Mitigation: Built In, Not Bolted On
Disparate impact testing against EEOC four-fifths rule before every model deployment

Fairness metrics tracked by gender, race/ethnicity, age band, and tenure cohort

Independent model validation team separate from the build team signs off pre-launch

Human-in-the-loop requirement: no adverse action taken on model output alone

Ongoing monitoring for outcome drift as workforce composition and business context shift
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Employee Privacy Safeguards
Opt-in consent model for any data source beyond core HRIS/performance records

Role-based access control — raw predictions visible only to direct manager and HR

Data minimization: models use aggregated features, not raw transaction-level records

Retention limits align with existing HR data policy; no indefinite storage of scores

Employees can request an explanation of any flag that affects them, per policy
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Change Management: Getting Managers to
Trust It

Phased rollout starting with volunteer manager cohort before company-wide launch

Manager training focuses on interpreting signals, not treating scores as verdicts

HR business partners embedded as first point of contact for tool questions

Clear escalation path when a manager disagrees with or wants to override a flag

Communication plan to employees explains what data is used and how it isn't used

Aravind Raghunathan 11 / 15 https://aravind-r.com



1 2  /  1 5

ROI & Retention Impact
Representative modeling, not audited results: framework for estimating business case

Cost avoidance driver: each retained critical-role employee saves 0.5-2x salary in replacement cost

Secondary value: faster internal fills reduce external hiring spend and time-to-productivity

Reskilling engine reduces reliance on external hiring for hard-to-fill technical roles

Payback typically modeled over 12-18 months including platform, integration, and change cost
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Risks & Legal Considerations
Employment law exposure if predictions influence hiring, promotion, or termination decisions

State-level AI employment laws (e.g. NYC Local Law 144) may require bias audits

Union and works council consultation required in applicable jurisdictions before deployment

Vendor and internal model documentation must support explainability requests and audits

Legal and HR compliance sign-off required as a gate before any production deployment
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Rollout Plan
Phase 1 (Months 1-3): data integration, model build, bias and privacy review

Phase 2 (Months 4-6): pilot with volunteer manager cohort, weekly feedback loop

Phase 3 (Months 7-9): refine model, expand to full business unit, train HRBPs

Phase 4 (Months 10-12): company-wide rollout with governance and audit cadence live

Go/no-go checkpoints at each phase tied to fairness and adoption metrics
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Next Steps
Confirm data sources and access with HRIS and IT security teams

Align with Legal on jurisdictional AI employment law requirements

Select pilot business unit and identify volunteer manager cohort

Stand up governance committee for ongoing fairness and privacy oversight

Target pilot kickoff within one quarter of executive approval
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