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The Problem: SOC Teams Are Losing the
Speed Race

Analysts face an industry-reported range of thousands of alerts per day across SIEM, EDR, and cloud tools, with
the large majority requiring manual triage

Alert fatigue drives missed true positives and contributes to analyst burnout and attrition

Security talent shortages are widely reported across the industry, leaving open requisitions unfilled for extended
periods

Attackers increasingly automate reconnaissance and lateral movement, compressing dwell time between initial
access and impact

Manual, tool-by-tool triage cannot scale to match either alert volume or attacker speed
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Where AI Fits in the Detection Pipeline
Anomaly detection on network and endpoint telemetry to surface deviations from established behavioral baselines

Automated alert triage and enrichment — correlating identity, asset, and threat-intel context before an analyst
opens the ticket

AI-assisted threat hunting that suggests hypotheses and pivots across large data sets faster than manual query-
building

Natural-language querying of security data, letting analysts ask questions instead of writing complex query syntax

Phishing and social-engineering detection using content, sender-behavior, and linguistic pattern analysis
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Anomaly Detection: Behavioral Baselines, Not
Just Signatures

Learns normal patterns of user, device, and network behavior over time rather than relying solely on known
indicators

Flags deviations such as unusual data transfer volume, atypical login geography, or abnormal process execution
chains

Complements, rather than replaces, signature- and rule-based detection for known threats

Requires a baselining period, and accuracy depends heavily on the quality and coverage of underlying telemetry

Most effective when tuned per environment rather than deployed with generic, out-of-the-box thresholds
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Automated Triage and Enrichment: Giving
Analysts Time Back

Automatically pulls relevant context — asset ownership, prior incidents, threat-intel matches — into each alert

Applies consistent, explainable scoring logic to rank alerts by likely severity and business impact

Reduces time spent on repetitive data-gathering so analysts can focus on judgment-intensive decisions

Industry-reported ranges suggest meaningful reductions in mean time to triage when enrichment is well-tuned —
treat as directional, not guaranteed

Enrichment quality depends on integration depth with existing data sources, not the AI model alone
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AI-Assisted Threat Hunting and Natural-
Language Query

Enables hunters to explore large telemetry data sets through conversational queries rather than manual query
languages

Surfaces candidate hypotheses based on patterns observed across historical incidents and current telemetry

Lowers the skill barrier for junior analysts to participate meaningfully in proactive hunting

Still requires experienced analysts to validate hypotheses and rule out false leads before escalation

Best positioned as a force multiplier for existing hunting programs, not a replacement for hunting expertise
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The Double-Edged Sword: Attackers Use AI
Too

AI-generated phishing content is more grammatically polished and more convincingly personalized than earlier
campaigns

Deepfake audio and video are increasingly used in social-engineering attempts, including impersonation of
executives

AI lowers the technical barrier for less-sophisticated actors to produce credible attack content at scale

Defensive AI must be evaluated against an adversary that is also adopting AI, not a static threat landscape

This dynamic argues for continuous model retraining and threat-intel refresh, not a set-and-forget deployment
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Illustrative Scenario: A Representative SOC
Deployment

Illustrative scenario, not a verified case study — presented to show a realistic deployment shape only

A mid-size SOC layers an AI triage and enrichment tool on top of its existing SIEM and EDR stack

Phase 1: AI operates in shadow mode, scoring alerts alongside analysts without taking action, to build trust and
validate accuracy

Phase 2: high-confidence, low-risk alerts (e.g., known-bad IOC matches) are auto-closed or auto-escalated, with
human review of samples

Phase 3: analysts shift time toward hunting and higher-judgment investigations as routine triage volume decreases
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Integration with Existing SIEM and SOAR
Platforms

AI capabilities deliver the most value when embedded into existing SIEM/SOAR workflows rather than run as a
standalone console

Integration typically requires API access to log sources, case management systems, and threat-intel feeds

Playbook compatibility with existing SOAR automation reduces duplicate tooling and analyst context-switching

Data normalization across disparate log formats remains a common integration bottleneck

Vendor lock-in and data portability should be evaluated before committing to a single AI-SIEM pairing
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False Positives, False Negatives, and Analyst
Trust

Every detection model makes a tradeoff between catching more true threats and generating more false alarms

Excessive false positives erode analyst trust and can lead to alert dismissal, even for genuine threats

Excessive false negatives create a false sense of security while real incidents go undetected

Tuning thresholds is an ongoing operational discipline, not a one-time configuration step at deployment

Transparent reporting of model performance to the SOC team helps sustain trust over time
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Human-in-the-Loop for High-Stakes
Response Actions

Automated detection and enrichment can run with high autonomy; automated response should not, for
consequential actions

Actions such as isolating a system, blocking network traffic, or disabling an account carry real business disruption
risk

A human approval step is warranted for actions with material operational, legal, or reputational consequences

Clear escalation paths and defined authority levels should be documented before any automated response is
enabled

Over time, well-validated low-risk actions may be candidates for supervised automation, expanded incrementally
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Model Risk: Adversarial Attacks on the
Detection System Itself

Detection models can themselves be targeted through adversarial inputs designed to evade classification

Attackers may probe a deployed model's behavior to learn how to craft traffic that stays under detection
thresholds

Data poisoning during training or retraining is a recognized risk where attackers have influence over input data

Model behavior should be monitored for drift and unexpected degradation, not assumed to remain static post-
deployment

Vendor claims about model robustness warrant independent validation before high-trust deployment

Aravind Raghunathan 12 / 15 https://aravind-r.com



1 3  /  1 5

Measuring SOC Efficiency Gains —
Realistically

Industry-reported ranges point to meaningful reductions in mean time to detect and mean time to respond, but
figures vary widely by environment and should not be treated as guarantees

Useful internal metrics include alert-to-triage time, analyst hours reclaimed, and escalation accuracy over a
baseline period

Efficiency gains typically build over months as models are tuned to the specific environment, not immediately at
go-live

Efficiency should be measured alongside detection quality — faster triage of the wrong alerts is not progress

Establish a pre-deployment baseline internally before attributing any improvement to the AI tooling
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Governance and Audit Requirements
Maintain an auditable log of AI-influenced decisions, including what data and reasoning informed each alert score

Define clear ownership for model tuning, retraining cadence, and performance review within the SOC organization

Establish policies for when human override is required and how overrides are recorded and reviewed

Align AI tooling use with existing regulatory and compliance obligations relevant to the organization's sector

Periodic third-party or internal audit of model performance and decision logs supports both trust and compliance
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Next Steps: A Phased Path Forward
Run a scoped pilot in shadow mode against existing SIEM/SOAR data before any automated action is enabled

Define success metrics and a baseline measurement period in advance, not retroactively

Establish governance structure — ownership, audit logging, and human-approval thresholds — before pilot go-
live

Secure budget and staffing for ongoing model tuning, not just initial deployment

Decision requested: approval to proceed with a 90-day shadow-mode pilot and a follow-up review with this group
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